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Application of MSMC algorithm to visual tracking
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Abstract: A new Sequential Monte Carlo(MC) algorithm, Mean Shift Monte Carlo (MSMC) algo-
rithm, is proposed for visual tracking in image sequences. The MSMC takes Mean Shift to converge
the samples with smaller weight to look for the local maximum ones. A state-space model of the object
is established using the color cue, and the weights of samples are given by adopting the Bhattacharyya
coefficients as the evaluation funtion. The MSMC algorithm can maintain the diversity less than 300
samples (200 samples are used in experiments), so the consumed time can be decreased from 76 ms/
frame to 35 ms/frame (the tracking window is 28 pixel X 26 pixel). The experimental results in real
video data show that the algorithm can track objects stably in the case of obstruction and it is possible
to be used in the practical projects.
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